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ExeC u tive S umma ry TalkScore vs Industry Benchmark

In today’s globalized workforce, evaluating English
proficiency efficiently and reliably poses a significant TalkScore @ Industry Benchmark
challenge for organizations recruiting international 1.00

candidates. Traditional human-led assessments, while

valuable, often introduce subjectivity, inconsistent

scoring, and limited scalability, leading to variability in

hiring decisions. TalkScore fills these gaps by 0.95

providing automated, unbiased, and repeatable
evaluations, ensuring that all candidates are assessed
fairly and consistently.

0.90
This white paper presents the findings of a study

involving 200 candidates across CEFR proficiency
levels (A1 to C2). The study demonstrates TalkScore’s
strong alignment with human evaluators in assessing 0.85
key linguistic dimensions: Pronunciation, Vocabulary,

Grammar, Fluency, and Comprehension.

Correlation Coefficient

Notably, TalkScore achieved a correlation coefficient 0.80
of 0.91 in pronunciation and 0.87 in grammar, ' Pronunciation Grammar
surpassing the industry benchmark of 0.85.

Key Linguistic Dimensions
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While comparisons with Versant revealed similar

performance  levels,  TalkScore  consistently Key Recommendations
outperformed in phoneme recognition accuracy and

prosodic feature handling, showcasing superior Adopt TalkScore’s impact-based
adaptability. Furthermore, TalkScore maintained pitch scoring model for high-stakes
range variability within *8Hz, outperforming the recruitment, ensuring fairness and
industry standard of +10Hz. consistency in language

assessments.
@ TalkScore Industry Benchmark

Implement real-time dashboards
to monitor consistency metrics,
enhancing transparency and
building trust in automated
evaluations.

Pitch Range
Variability
(Hz)
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Introduction

In an increasingly globalized workforce, English “TalkScore represents a
proficiency is essential for professional roles, trqnsformative advancement
particularly in industries such as Business Process In lapguage assessmel]tl
Outsourcing (BPO), where communication skills delivering faster, more reliable,
directly influence service quality. and unbiased evaluations for

global recruitment.”

However, traditional human-led language assessments
face critical challenges:
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dl P ®© TalkScore vs. Human Evaluators
Subjectivity > Inconsistent Limited Scalability
Different Scoring > Varylng - Manual TalkScore . Human Evaluators
evaluators, criteria lead to assessments are
different scores unfair results slow and costly 10
As recruitment processes scale globally, there is an 8
increasing demand for automated language 5
assessment solutions. TalkScore solves this by 5
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Standardized & Fair & Transparent Scalable
Objective Scoring Evaluations Automation 2
(Pronunciation, (Aligned with CEFR (No bottlenecks in
Vocabulary, Standards) high-volume
Grammar, Fluency, hiring) 0
Comprehension) Consistency Automation Fairness

This white paper presents findings from a large-scale
evaluation comparing TalkScore to human evaluators TalkScore’s Key Strengths
across 200 candidates from diverse non-native
English-speaking countries:
Consistency ¥ Stable, repeatable
n@ evaluations, minimizing human bias

Automation  Faster processing,

enabling scalable hiring

. i Fairness & Transparency » CEFR-
aligned, clear scoring standards




The Role of Al in Language Assessments

The integration of Artificial Intelligence (Al) in language
assessment has transformed linguistic evaluations by
addressing subjectivity, inconsistency, and scalability
challenges associated with human-led assessments. Al
provides reliable, consistent, and unbiased
evaluations, making it essential for modern
recruitment workflows.

01. Enhancing Consistency and Objectivity

Research by Belz & Reiter shows that Al assessments
achieve over 0.8 correlation with human judgments,
ensuring consistent, objective scoring. Unlike humans,
Al eliminates variability, making it a critical tool for
global recruitment.

Al Evaluation @ Human Evaluation
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02. Addressing Bias and Variability

Human raters often favor familiar accents,
unintentionally penalizing diverse candidates. Al
applies predefined criteria, ensuring fair and impartial
assessments. This aligns with TalkScore’s goal of
minimizing subjective interpretation.
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03. Alignment with Global Standards

CEFR-aligned Al assessments provide globally
applicable, structured evaluations matching human
reliability while removing subijectivity. Impact-based
scoring ensures that only errors affecting
communication are penalized.
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Before Al With Al Impact-Based
Human-led, Automated, fair, Scoring
subjective, and scalable Focuses on
inconsistent assessments communication,
scoring not minor
mistakes

04. Building Trust through Transparent Scoring

Al-powered assessments ensure interpretable,
reproducible outcomes, boosting recruiter and
candidate confidence. Transparent explanations of
scores reinforce trust in Al-driven evaluations.

Why Trust Al in Language Assessments?

/ ~,

Transparent
Scoring Clear,
explainable results

CEFR-Aligned
Matches global
standards

Fair & Unbiased
Eliminates human
subjectivity

______________\

Consistent & Reliable
Same results,
every time
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Key Takeaways for TalkScore

"Al-driven assessments

Al ensures scalable, fair, and objective enhance accuracy in
SRS candidate classification,
minimizing inconsistencies found
CEFR-aligned Al assessments provide in human-led evaluations.
structured, recognized scoring By delivering clear, replicable,
and transparent results, Al serves
Impact-based scoring prioritizes as a reliable tool for large-scale
communicative errors over minor recruitment.

mistakes

TalkScore vs. Versant: A Brief Comparison

Benchmarking against industry standards is crucial in validating the effectiveness of language assessment tools.
Versant, a widely recognized assessment, serves as a key reference point. A comparative analysis highlights
TalkScore’s strengths in delivering efficient, scalable, and recruitment-focused language evaluations.

Key Insights from the TalkScore vs. Versant Comparison

Strong Correlation with High Pass/Fail Focus on Spoken
Industry Benchmark Agreement at Bi Level Communication

Scalability & Fairness

TalkScore TalkScore achieved Unlike rigid scoring TalkScore’s
demonstrated a 0.783 91.6% agreement with systems, TalkScore automated, unbiased
correlation with Versant Versant in classifying prioritizes role-specific approach provides
scores, confirming its candidates at the B1 communication skills, efficient, large-scale
alignment with CEFR proficiency level, making it a practical assessments while
established industry ensuring consistency in tool for recruitment in ensuring fairness in
standards. candidate evaluations. industries like BPO. recruitment decisions.
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For those seeking a deeper dive into the data and methodology behind this

comparison, a comprehensive report with detailed results is available upon request.




Methodology

The TalkScore evaluation framework is designed to deliver consistent, objective, and scalable language assessments
by leveraging Al-powered models and a refined scoring methodology aligned with CEFR standards. This section
outlines how TalkScore evaluates language proficiency, highlighting its impact-based scoring approach, CEFR-
aligned thresholds, and error typology that ensures fair and relevant assessments.

@ Evaluation Process Overview

TalkScore evaluates language proficiency across five key linguistic dimensions: Pronunciation, Vocabulary, Grammar,
Fluency, and Comprehension. The process begins with candidate response collection through structured
assessments, followed by Al-driven analysis that scores each response based on predefined criteria. Unlike human
evaluators, TalkScore applies uniform scoring logic, ensuring reliable evaluations across diverse candidate profiles.

A scoring engine maps individual performance to CEFR levels (A1-C2). For instance, roles requiring B2 proficiency,
such as customer-facing BPO positions, are calibrated to ensure only candidates meeting the upper-intermediate
language requirements proceed.

Furthermore, TalkScore’s scoring framework can be refined to meet client-specific thresholds, allowing organizations

to adjust proficiency benchmarks in alignment with role-specific language requirements.

TalkScore Evaluation Process

1. Response Collection 3. CEFR Mapping

2. Al Analysis 4. Final Scoring




@ Impact-Based Scoring Approach

Unlike traditional scoring systems that rely solely on error counts, TalkScore employs an impact-based approach,
evaluating the significance of each error in the context of overall communication. Errors that do not hinder

understanding (e.g., minor grammatical slips) have minimal impact on the final score, while critical errors (e.g.,
mispronunciations that affect intelligibility) result in greater deductions.

TalkScore Evaluation Process

=2 Q
-
Candidate A Candidate B
Candidate A: Candidate B:
Mispronounces Demonstrates
non-essential fluent speech but
words but makes critical
maintains clarity in grammar mistakes
key communication that alter sentence
points meaning (B1+
(B2 Level). Level).

In this scenario, TalkScore’s impact-based model
ensures that Candidate A scores higher despite
pronunciation flaws because their errors do not

compromise overall comprehension.

@ Scoring Metrics and Final Formulas

TalkScore uses refined scoring formulas that ensure precise, consistent evaluations across linguistic dimensions.
These formulas incorporate speech rate, articulation clarity, and speech continuity, aligning with impact-based
scoring principles that prioritize effective communication over superficial fluency.



Fluency Score Calculation

FluencyWPM: Initial fluency score based on words per minute (WPM).

ArticulationScore: Reflects speech clarity and articulation precision.

R (Speech-Silence Ratio): Represents speech continuity; higher values indicate fewer pauses.

Y (Weighting Factor): Adjusts penalties for silence-heavy responses, ensuring natural speech pacing.

Key Takeaways
Higher fluency scores are achieved The impact-based penalty ensures that
through a balanced speech rate, clear @ fluency reflects communicative
articulation, and minimal silence. effectiveness, not just speed.

Articulation Score Calculation

o WPM: Words per minute (capped at 160) to prevent fluency score inflation.
» R: Speech-silence ratio, indicating continuous speech.
o WPM_{corr}: Corrected WPM, accounting for speech accuracy (capped at 150).

Key Takeaway

This formula rewards candidates who speak

consistently and accurately, balancing speech
@ rate, talk-time ratio, and accuracy without

inflating scores for unnaturally rapid speech.



@ Hypothetical Candidate Example

Candidate A

Candidate A: Ready for
Customer Service (B2
Level)

John is applying for a customer
service position. During his
TalkScore assessment, he

maintains a steady speech rate

of 140 WPM, articulates clearly,
and rarely pauses (R = 0.9). His
fluency score of 9.2 confirms
that he can communicate
effectively in customer
interactions, meeting the
required B2 threshold.

“These examples

highlight TalkScore’s
ability to distinguish

candidates at key
proficiency levels,

ensuring accurate and

role-appropriate
assessments.”

Candidate B

Candidate B: Needs Fluency
Refinement for a Support
Role (B1+ Level)

Sarah is interested in a tech
support role. She speaks at a
high speed of 160 WPM, but her
frequent pauses (R = 0.6) and
occasional mispronunciations
reduce her fluency score to 7.1.
While she demonstrates
competency, she would benefit
from additional fluency training
to handle fast-paced, real-time
support conversations.



Results and Analysis

The comparative analysis between TalkScore and
human evaluators underscores three critical
performance dimensions: consistency, efficiency, and
fairness. This section highlights how TalkScore’s
automated evaluations deliver stable scoring patterns,
outperforming human variability while providing faster
and unbiased assessments suitable for large-scale
recruitment workflows.

nl@ 'ﬁ @
Consistency Efficiency Fairness
> > >
More stable Faster Unbiased
and reliable evaluation assessments
scoring. process. aligned with CEFR
standards.

\\ // \\ // \\ //

@ Performance Metrics Overview

In assessing TalkScore’s effectiveness as a language
evaluation tool, three key performance indicators were
examined across 200 candidates. A primary measure
of consistency, Mean Absolute Error (MAE), was used
to quantify the deviation between TalkScore’s
assessments and expected performance standards.
The overall MAE of 0.84 is notably lower than the
variance observed among human evaluators (1.18),
indicating a higher degree of scoring stability.

Key Performance Indicators

Mean Absolute Accuracy Across Humanvs. Al
Error (MAE) Linguistic Scoring Variability
Measures scoring Dimensions Compares
consistency across Evaluates TalkScore’s
five linguistic TalkScore’s stability with
dimensions. precision in human assessors.

different skills.

When broken down by linguistic dimension, the results
further illustrate TalkScore’s ability to provide precise
and reliable assessments:

MAE Comparison

Talkscore MAE @ Human Evaluator MAE
1.4

1.2

1.0
0.8
0.6
0.4
0.2
0.0

Pronunciation Vocabulary Gramar

MAE variance

These findings indicate that TalkScore maintains a high
level of scoring accuracy, particularly in fluency and
pronunciation, where consistency is critical for spoken
communication assessments. The relatively higher
MAE in grammar and comprehension suggests that, as
with human evaluators, some variability is expected
due to the broader interpretative nature of these
linguistic dimensions. Nevertheless, the overall results
support TalkScore’s reliability in measuring key
proficiency indicators while reducing inconsistencies
commonly found in human-led evaluations.

As with any Al-driven evaluation system, maintaining
accuracy and fairness is an ongoing process. To
further enhance reliability, TalkScore undergoes
regular audits and refinements, incorporating new
linguistic data and user feedback to improve precision
and adaptability. Continuous model updates and
benchmarking efforts ensure that the system evolves
alongside shifting language use patterns, reinforcing
its role as a dependable tool for large-scale language
assessments.

Fluency Comprenhension



@ Agreement in Candidate Classification

A critical use case for TalkScore is determining
whether a candidate meets a required proficiency
level, particularly at B2, which is commonly required
for English-speaking job roles. In high-volume
industries like BPO, where thousands of candidates
need to be screened efficiently, the ability to quickly
identify English-speaking candidates and move them
forward in the hiring process is essential. Human
evaluations can be slow and inconsistent, leading to
delays and misclassification of talent.

To assess TalkScore’s effectiveness in classification,
we analyzed Cohen’s Kappa, which measures
agreement between TalkScore and human evaluators
beyond random chance. This metric is crucial in
recruitment, as it ensures candidates are correctly
classified at different proficiency thresholds.

We selected three key classification levels based on

CEFR (Common European Framework of Reference
for Languages):

B2 Classification B1+ Classification

This level represents
candidates with an
upper-intermediate
command of English,
typically considered
proficient enough for
professional roles
requiring regular
communication in
English. Itis a key
benchmark in
recruitment,
particularly in BPO
industries, where
agents must
effectively
communicate with
English-speaking
customers and
clients.

This category
includes candidates
who have reached at
least a strong
intermediate level,
demonstrating they
can handle
conversations and
interactionsin an
English-speaking
work environment,
even if their fluency
is not at the highest
level. This
classification is
useful for roles
where some English
proficiency is
required but may not
involve complex
language use.

This threshold is
used to identify
candidates whose
English skills may be
insufficient for
professional
communication. The
ability to reliably
determine who does
not meet even an
intermediate level
(B1) is crucial for
ensuring only
suitable candidates
proceed in the hiring
process.

How We Measured It

To evaluate classification reliability, we used Cohen’s
Kappa to measure agreement between TalkScore and
human evaluators at different CEFR proficiency levels:

Circular Progress Chart: Agreement
in Candidate Classification

B2 Bi+
(Upper-Intermediate) (Intermediate Proficient)

14.9% 19.4%

A2+
(Basic-Intermediate)

96.9%

Why This Matters

B2-Level Accuracy (74.87%) — Ensures
candidates meet industry standards for

®

customer-facing roles.

@ Bi1+ Level (75.38%) — Helps employers
identify trainable candidates needing
minor improvements.

@ A2+ Level (96.92%) - Zero false
positives, ensuring only qualified
candidates advance.

"TalkScore minimizes
misclassification,
enabling faster and
more reliable hiring
decisions.”



@ Hypothetical Candidate Case Studies

To illustrate how TalkScore’s assessment framework
differentiates candidates based on their
communicative effectiveness, two case studies
highlight its approach. These examples showcase how
TalkScore identifies role-appropriate proficiency
levels, ensuring that candidates are fairly assessed
without over-penalizing minor errors.

©
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Candidate X

Candidate X: Candidate X: Qualified
for Customer Service (B2 Level)

This candidate demonstrates high
fluency, speaking at 140 WPM with
minimal pauses (R = 0.9) and
accurate pronunciation. While
minor grammatical slips are
present, they do not impact
comprehension. TalkScore
classifies Candidate X at the B2
level, confirming suitability for
customer-facing roles where clear
and efficient communication is
essential.

Candidate Y

Candidate Y: Needs Fluency
Refinement (B1+ Level)

Candidate Y exhibits fluent
speech but with frequent pauses
(R = 0.6), leading to occasional
disruptions in delivery. More
critically, grammar errors impact
sentence meaning, which could
affect clarity in professional
interactions. TalkScore classifies
Candidate Y at the Bi+ level,
identifying the need for
additional language training
before progressing to roles
requiring complex
communication.

These case studies emphasize TalkScore’s ability to

Key Insights from Data

e

Accuracy - 95%
Precision at B2 Level

Ensures candidates are
correctly classified, reducing
hiring mismatches.
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Automates screening,
reducing the time needed
for evaluations.
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Fairness — Standardized
Al Scoring

No regional or accent bias —
Scores are consistent across
diverse candidate pools.
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balance accuracy with fairness, distinguishing between
errors that affect communication and those that do
not. By aligning assessments with real-world job
requirements, TalkScore ensures that candidates are
placed in roles suited to their proficiency levels,
reducing misclassification and supporting effective
workforce placement.

TalkScore’s data-driven approach ensures:

@ More accurate hiring decisions.

@ Key Insights from Data

The evaluation of TalkScore’s performance highlights

its ability to maintain high classification accuracy, @ Fair assessments that prioritize effective
improve operational efficiency, and ensure fairness
across diverse candidate profiles. These insights
reinforce its role in scalable and objective language
assessments, particularly in high-volume hiring
environments.

Faster recruitment cycles.

communication over minor errors.



The Business Impact of Al-Driven
Language Assessment

Addressing Real Client Concerns Traditional vs. Al-Driven Assessments

Implementing Al-driven assessments in large-scale
recruitment presents unique challenges, particularly in

. : . . Inconsistencies - Different
ensuring consistency, scalability, and fairness. [l|:||:| evaluators may score the same
Traditional human evaluations often introduce & candidate differently.
inconsistencies, especially when assessing candidates @ Slow protzessing—Manual

q q o e review takes time, causin
from diverse linguistic backgrounds. TalkScore hiring delays. ©
standardizes evaluation criteria, reducing the Human o o

. . . . . Evaluations Subjectivity — Biases in error
subjectivity that can arise in manual assessments and )( weighting (e.g., penalizing
providing a structured, repeatable scoring process. accents).

Scalability is another concern, particularly in high-
volume hiring environments where traditional
assessments can slow down decision-making. The

) . ) ) ) Consistent - Standardized
integration of Al allows for instant processing, ensuring ”@

scoring framework.

that recruiters receive real-time assessment results 'é]' Instant Processing —
without compromising scoring reliability. Furthermore, O Immediate results for
bias in error weighting, where human evaluators tend Al-Powered o

to penalize minor errors disproportionately, is amens s D e oy
mitigated through impact-based scoring, ensuring on errors that affect

that only errors affecting communication are
considered in final evaluations.

TalkScore ensures consistency,
scalability, and fairness




Why Stability, Automation, and Fairness Matter

The ability to assess language proficiency accurately,
fairly, and efficiently is critical in recruitment. Al-
powered systems like TalkScore provide a stable and
repeatable framework that minimizes human-induced
variability, making language assessments more
objective and scalable.

______________________________________

Consistent evaluations
across all candidates.

o

Stability i

_____________________________________

- ~

Faster recruitment
processes with real-time
results.

B L e

Automation ]

_____________________________________

- ~

Fairness

Unbiased,
impact-based scoring
for all candidates..

B L e
.

_____________________________________

Beyond consistency, automation significantly reduces
recruitment timelines. By categorizing candidates
immediately based on predefined CEFR thresholds,
hiring teams can make faster, data-driven decisions
while maintaining high classification accuracy.

Additionally, the fairness of assessments is
strengthened through transparent, impact-based
scoring, ensuring that candidates are judged on their
communicative ability rather than minor, non-
disruptive errors.

Before Al
Manual evaluations »
Delayed results
(days/weeks).

e

After Al (TalkScore)
Instant results »
Real-time hiring
decisions.

"As the recruitment
landscape evolves,
maintaining a balance
between speed, accuracy,
and fairness in
assessments remains a
priority.

Al-driven evaluation
systems provide a
structured, efficient, and
scalable solution to meet
these demands.”



Future Directions

While this study establishes a strong foundation, further research can enhance TalkScore’s reliability, fairness, and
adaptability. Key areas for future improvement include:

Reliability and Longitudinal Studies

To ensure scoring consistency, test-retest studies should
assess stability over time. Tracking candidates before and
after language training will validate TalkScore’s ability to
measure real progress.

Broader Sampling and Cultural Diversity

Expanding the participant pool will refine scoring models
and ensure fairness across linguistic backgrounds. Future
studies should analyze scoring variations to mitigate bias
and enhance adaptability.

Sub-Scale Validation and Domain-Specific Applications

Validating TalkScore’s scoring dimensions (Pronunciation,
Grammar, etc.) using factor analysis will confirm their
distinctiveness. Research should also explore adapting
assessments for industry-specific language needs.

Continuous Model Enhancement

Regular updates will keep pace with evolving language use.
Refining Al models with new data and NLP advancements
will improve accuracy in pronunciation, fluency, and
comprehension scoring.

Stakeholder Feedback Integration

Ongoing input from recruiters and candidates will help
optimize usability, refine scoring explanations, and enhance
trust. Transparent feedback mechanisms will ensure
TalkScore remains relevant in real-world hiring.

By advancing these areas, TalkScore will continue setting new standards for Al-driven language assessment, ensuring
reliability, fairness, and scalability in global recruitment.




Final Considerations: The Role of Al in
Modern Language Assessment

As hiring processes adapt to changing workforce needs, Al's role in language assessment continues to expand. The
findings in this paper demonstrate how Al-driven evaluation systems enhance consistency, fairness, and efficiency,
mitigating many of the challenges associated with human-led assessments.

Al vs. Human Evaluation

Consistency

@ Al eliminates evaluator bias A Human scoring variability

Scalability

@ Al processes thousands of

candidates instantly A Slow manual evaluations

@ Al applies standardized criteria /\ Human bias in error weighting

Efficiency

Al enables real-time T
@ decision-making /\  Longer hiring timelines

By aligning assessment methods with real-world communication needs, Al ensures that evaluations remain objective,
scalable, and adaptable to evolving linguistic requirements. While no system is without limitations, continuous
refinements—through ongoing audits, data analysis, and model improvements—support long-term reliability and
fairness in hiring decisions.



Final Considerations: The Role of Al in
Modern Language Assessment

As Al-driven assessment tools continue to improve, their integration into recruitment workflows will not only streamline
hiring processes but also ensure that candidates are evaluated based on their true communicative competence,

reinforcing fair and effective hiring practices.

Al-Powered Hiring Pipeline

Candidate Speech

Al Language
Processing

Scoring & CEFR
Classification

Instant Feedback to
Recruiters

Candidate Selection &
Placement
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